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Abstract
Objective: To study the relationship between ferroptosis genes and Major Depressive Disorder (MDD).

Methods: The GEO database was utilized to obtain chip data and clinical information from three datasets, namely 
GSE98793, GSE39653, and GSE52790. To identify differentially expressed ferroptosis genes, an analysis was con-
ducted on genes that showed differential expression between individuals with Major Depressive Disorder (MDD) and 
healthy controls. Subsequently, Gene Ontology (GO) and Kyoto Encyclopedia of Genes and Genomes Pathway (KEGG) 
enrichment analyses were performed on the differentially expressed ferroptosis genes. Screening of these genes was 
carried out using the Lasso Regression and Support Vector Machine (SVM) methods. A diagnostic model for depression 
was established using logistic regression with the screened genes.  The model was validated using Receiver Operating 
Characteristic (ROC) Curve analysis.  Furthermore, the Gene Set Enrichment Analysis (GSEA) method was applied to 
analyze the genes included in the model. The immune infiltration of MDD and healthy controls was assessed using the 
Cibersort method, along with an analysis of the correlation between immune cells and ferroptosis genes. The ferroptosis 
gene interaction network was examined using Cytoscape software. Additionally, the DGIdb website was consulted to 
predict potentially effective therapeutic drugs for ferroptosis genes closely associated with MDD.

Results: A total of 18 genes involved in ferroptosis were identified through differential expression analysis compar-
ing individuals with major depressive disorder (MDD) and healthy controls. Enrichment analysis, including GO and 
KEGG, revealed concentrated pathways related to oxidative stress response, hydrogen peroxide response, reactive ox-
ygen species response, FoxO signaling pathway, fluid shear stress, and atherosclerosis. To identify key genes related to 
ferroptosis in MDD, Lasso regression and SVM techniques were employed, resulting in the selection of 10 genes. The 
depression diagnostic model, which utilized these 10 genes, achieved an area under the curve (AUC) of 0.773. The Gene 
Set Enrichment Analysis (GSEA) focusing on individual genes demonstrated that Parkinson's disease, Huntington's 
disease, and oxidative phosphorylation pathways were highly enriched. The analysis of immune infiltration further re-
vealed significant differences in the resting NK cells and M2 macrophages between individuals with MDD and control 
subjects. Specifically, PHF21A was found to be closely associated with resting NK cells in MDD, whereas METTL14 
and MAPK14 were closely related to M2 macrophages. The RNA interactions network of ferroptosis genes indicated a 
complex regulatory process, providing valuable insights for future research in this field. In terms of potential therapeutic 
options, ALOX15B, MAPK14, PRKAA1, and MICU1 among the 10 ferroptosis-related genes were found to have poten-
tial for effective therapeutic drugs.

Conclusion: Among all ferroptosis genes, ALOX15B, MAPK14, PRKAA1, PHF21A, MICU1, KLF2, METTL14, TP63, 
PARK7, PARP4 are closely related to MDD and have diagnostic value. Among them, ALOX15B, MAPK14, PRKAA1 and 
MICU1 may have potential effective therapeutic drugs.
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1. Introduction
Depression is one of the most prevalent mental disorders 
worldwide, affecting millions of people across different age 
groups and socioeconomic backgrounds.  Known as a leading 
cause of disability, depression has profound impacts on 
individuals' quality of life and poses a significant burden on 
society as a whole [1]. The heterogeneity in symptom presentation, 
treatment response, and underlying pathophysiology has made 
the diagnosis and management of depression challenging.

In recent years, there has been a growing interest in identifying 
and understanding the biological markers associated with 
depression. Biomarkers are measurable indicators that can 
objectively reflect the presence, severity, or progression of 
a disease.  In the context of depression, the identification of 
specific biological markers holds great promise in improving 
diagnostic accuracy, aiding in the development of personalized 
treatment plans, and predicting treatment outcomes.

Ferroptosis is a iron dependent cell death, which is different from 
apoptosis, cell necrosis and autophagy. The main mechanism 
of ferroptosis is that under the action of iron bivalent or ester 
oxygenase, the highly expressed unsaturated fatty acids on the 
cell membrane are catalyzed to undergo lipid peroxidation, thus 
inducing cell death [2]. Ferroptosis is first proposed in 2012 [3].
Many studies have confirmed that Ferroptosis is an important 
mechanism of nerve cell damage [4-9]. Ferroptosis is also closely 
related to oxidative stress and inflammation. Both oxidative 
stress and inflammatory response are the main pathological 
mechanisms of depression [10, 11]. Therefore, the role of 
ferroptosis in depression has received attention. The purpose of 
this study was to investigate the relationship between ferroptosis 
related genes and depression by bioinformatics analysis. By 
elucidating the biological underpinnings of depression, we can 
enhance our understanding of the disorder and develop more 
targeted and personalized approaches to prevention, diagnosis, 
and treatment. Ultimately, the identification and validation of 
reliable depression biomarkers can lead to improved patient 
outcomes and a reduction in the overall societal burden of this 
debilitating mental health condition.

2. Methods
2.1. Obtain Data
The data analyzed came from the following 3 datasets in the GEO 
database. GSE39653, which included full blood samples from 21 
people with MDD and 24 healthy controls. Whole transcriptome 
sequencing was performed using the GPL10558 platform 
(Illumina HumanHT-12 V4.0 expression beadchip). GSE52790, 
which included full blood samples from 10 people with MDD 
and 12 healthy controls. Whole transcriptome sequencing was 
performed using the GPL17976 platform ([hGlue_3_0_v1] 
Affymetrix Human hGlue_3_0_v1 Array). GSE98793, which 
included full blood samples from 128 people with MDD (64 of 
whom were also diagnosed with generalized anxiety disorder) 
and 64 healthy controls. Whole transcriptome sequencing was 
performed using the GPL10558 platform ([HG-U133_Plus_2] 
Affymetrix Human Genome U133 Plus 2.0 Array) [12-14].

2.2. Analyze the Data
The data analysis of this paper is carried out using R language. 
Batch effect removal was performed by Surrogate Variable 
Analysis (SVA) on the above 3 data sets [15]. The expression 
matrix of these data sets were downloaded. The expression 
matrix of ferroptosis related genes was extracted from FerrDb 
website (http://www.zhounan.org/ferrdb/current/). The 3 gene 
sets of Driver, Suppresser and Marker collected by the website 
were downloaded. A total of 728 genes related to ferroptosis 
were found [16]. Firstly, the differential expression analysis 
between MDD and control group was performed to find the 
differentially expressed ferroptosis genes. The expression matrix 
of differential genes was extracted. The GO terms and KEGG 
pathways of these genes were calculated separately. Based 
on the expression matrix of differentially expressed genes of 
ferroptosis, gene models were computed by Lasso Regression 
and Support Vector Machine (SVM) methods respectively. All 
the genes screened by the two models were intersected, and 
the important genes verified by the two modeling methods 
were obtained. Based on these genes, the diagnostic model was 
established by Logistic Regression method. The model was 
evaluated by Receiver Operating Characteristic (ROC) curve. 
The Gene Set Enrichment Analysis (GSEA) method was used to 
calculated the related pathways of each gene.

Cibersort method was used to simulate the infiltration of 
immune cells in MDD patients, and the reference gene set was 
22 kinds of immune cell gene set [17]. The difference of immune 
cell infiltration between MDD and healthy control group was 
observed. Lnc RNA、miRNA and mRNA interactions network 
were mapped using cytoscape [18]. The interaction between 
drug and gene target was calculated by using DGIdb website 
(https://dgidb.genome.wustl.edu/).

2.3. Introduction of Calculation Methods and Analysis 
Methods Used in this Study
The R Programming Language: language and operating 
environment for statistical analysis and drawing. R is a free, 
open-source software belonging to the GNU system. It is an 
excellent tool for statistical calculation and statistical drawing 
[19]. Lasso Regression: Least Absolute Shrinkage and Selection 
Operator Regression. It is a method for solving linear regression 
models. Its main idea is that when optimizing the objective 
function, not only the fitting degree of regression coefficient 
should be considered, Also consider the absolute value of 
regression coefficient, so as to achieve feature selection.

Support Vector Machine (SVM): It is a kind of generalized 
linear classifier for binary classification of data according to 
supervised learning. Its decision boundary is the hyperplane 
with the maximum margin to solve the learning sample, which 
can transform the problem into a problem for solving convex 
quadratic programming.

Logistic Regression: It is a generalized linear regression analysis 
model, which is often used in data mining, disease diagnosis, 
economic forecasting and other fields. For example, explore the 
risk factors that cause diseases, and predict the probability of 
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disease occurrence according to risk factors. Through logistic 
regression analysis, the weights of independent variables can be 
obtained, so that we can roughly understand which factors are 
risk factors for diseases.

Venn Diagram: A diagram showing the overlapping areas of a 
collection, which is often used in mathematics, statistics, logic 
and other fields. Through the overlapping of shapes (usually 
circles or ovals), Wayne diagrams represent the intersection 
relation between sets, or the possibility of intersection between 
different sets [20]. Gene Set Enrichment Analysis (GSEA): is 
a computational method that determines whether an a priori 
defined set of genes shows statistically significant, concordant 
differences between two biological states (e.g. phenotypes) [21].

3. Results
3.1. Batch Removal Effect
The three data sets were processed to remove batch effect, 
and the comparison before and after processing was shown in 
Supplementary. Figure S1.

3.2. Differential Expression Analysis and Enrichment 
Analysis
3.2.1. Differential Expression Analysis Between MDD and 
Control Group
The R language calculation results obtained the differentially 
expressed genes between MDD patients and control population, 
including eighteen ferroptosis genes: MAPK14, PARP9, 
OSBPL9, PARP4, ALOX15B, MICU1, PARK7, KLF2, QSOX1, 
PHF21A, MTF1, TP63, FXN, METTL14, SLC16A1, NR5A2, 
PRKAA1, PROK2 Figure. 1A. The relationships between the 
genes were calculated and demonstrated Figure. 1B.

3.2.2. GO/KEGG Enrichment Analysis
The differentially expressed ferroptosis genes were performed 
with GO/KEGG enrichment analysis. As shown in Figure 1C, 
GO terms in biological processes with relatively high enrichment 
degree included: intracellular receptor signaling pathway, 
cellular response to chemical stress, response to oxidative stress, 
cellular response to hydrogen peroxide, response to hydrogen 
peroxide, cellular response to reactive oxygen species, response 
to reactive oxygen species, monocarboxylic acid biosynthetic 
process, organic hydroxy compound biosynthetic proces, protein 
mono-ADP-ribosylation. KEGG pathways with relatively high 
enrichment degree included: FoxO signaling pathway, Fluid 
shear stress and atherosclerosis, Apelin signaling pathway, 
Alcoholic liver disease, Non-alcoholic fatty liver disease Figure 
1D.

Figure 1: (A) Heat maps of differentially expressed ferroptosis genes in MDD and normal people (*p < 0.05; **p < 0.01). (B) 
Interrelationships among differentially expressed ferroptosis genes (*p < 0.05; **p < 0.01). (C, D) The GO terms and KEGG path-
ways which is enriched by the differentially expressed ferroptosis gene. Screening differentially expressed ferroptosis genes. (E, F): 
17 genes are screened by Lasso regression method. (G, H): 10 genes are screened by SVM method. (I): Venn Diagram: the genes 
screened by the two methods are intermixed, and finally obtain 10 genes.



Volume 4 | Issue 1 | 4Int J Endo Res & Rev, 2024

3.3. Establish and Validate the Ferroptosis Genes Diagnostic 
Model of MDD
3.3.1 The Differentially Expressed Ferroptosis Genes Were 
Screene
Lasso regression method and SVM method were used to further 
screen the expression matrix of differential ferroptosis genes, 
and the genes screened by the two methods were intersected 
Figure. 1E, F, G, H, I. The common genes were extracted, 
and got 10 genes: ALOX15B, MAPK14, PRKAA1, PHF21A, 
MICU1, KLF2, METTL14, TP63, PARK7, PARP4.

3.3.2 Model and Test the Model
Logistic regression method was used to establish the genetic 
diagnosis model of MDD based on these 10 genes. ROC 
analysis was used to validate the model and compare it with 
single gene diagnostic models. The results showed that the AUC 
was 0.773, which was much higher than the result of single gene 
diagnosis Figure 2A, B. The differences in the expression levels 
of these 10 genes in MDD and control groups were verified, 
and the results showed that the differences were significant and 
statistically significant Supplementary. Figure S2.

3.4. Gene Set Enrichment Analysis
Single-gene GSEA analysis was performed on these 10 
differentially expressed ferroptosis genes to obtain the related 
pathways of each gene (Supplementary. Figure S3).

3.5. Analysis of Immune Cell Infiltration
The results of analysis of immune cell infiltration showed that 
NK cells resting and Macrophages M2 were different between 
MDD and control groups, and the results were statistically 
significant (Figure 2C). The relationship between genes and 
immune cells was shown (Figure 2D). In MDD patients, the 
gene closely related to NK cells resting was PHF21A, and the 
genes closely related to Macrophages M2 were METTL14 and 
MAPK14.

3.6. RNA Regulatory Network
LncRNA, miRNA and mRNA regulating network of 10 
differentially expressed ferroptosis genes was calculated (Figure 
2F).

Figure 2: (A, B) ROC curve is used to validate the ferroptosis gene diagnostic model of MDD, and the result shows that the AUC 
of the model established by 10 differentially expressed ferroptosis genes is 0.773. The AUC of single gene model are 0.597, 0.596, 
0.579, 0.599, 0.597, 0.577, 0.576, 0.601, 0.596, 0.577, respectively. (C) Correlation between immune cells and 10 differentially 
expressed ferroptosis genes， *p < 0.05; **p < 0.01. (D) The analysis of immune cell infiltration. The NK cells resting and Macro-
phages M2 are different between MDD and control, and the results are statistically significant. (E) To predict the potential effective 
therapeutic drugs for 10 differentially expressed ferroptosis genes. The results showed that 4 out of the 10 genes have potential ef-
fective therapeutic drugs. (F) ceRNA regulatory network. LncRNA, miRNA and mRNA interactions regulating of 10 differentially 
expressed ferroptosis genes.
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3.7. Screening of Potential Therapeutic Drugs
The DGIdb website was used to predict the potential effective 
therapeutic drugs for 10 ferroptosis genes closely related to 
MDD. Results 4 out of the 10 genes were identified as have 
potential therapeutic drugs (Figure 2E). There are 63 potential 
therapeutic agents for ALOX15B, 72 for MAPK14, 26 for 
PRKAA1, and 1 for MICU1.

4. Discussion                        
Major depression disorder as a mental disorder, with significant 
and lasting depression, loss of interest and slow thinking as 
the main clinical symptoms, will lead to self-injury and even 
suicide in serious cases. According to the 2017 statistical report 
of the World Health Organization, there are about 322 million 
depression patients worldwide, and the incidence is increasing 
year by year. Depression also imposes a huge financial burden on 
patients, families and society as a whole. According to the World 
Health Organization, the loss of productivity due to depression 
and anxiety will cost the global economy as much as $1 trillion in 
2020 and the cost is still rising. Health care economists estimate 
that depression will become a major contributor to the global 
burden of disease by 2030 [22-24].
 
Associations between dysregulated iron metabolism and certain 
psychiatric conditions have been described. Most studies are 
based on animal models. By using quantitative proteomics, 
a study identifies activation of ferroptosis in mice models of 
depression [25, 26]. Jiao found that the content of total iron ion 
and ferrous ion in the hippocampus of chronic unpredictable 
mild stress (CUMS) model mice increased, and the regulatory 
factors of ferroptosis also changed significantly, which proved 
that there was evidence of ferroptosis in the hippocampus of 
depression mice. Wang found that ferroptosis in the prefrontal 
cortex could be reduced by reducing ferroptosis and oxidative 
stress in a mouse model of type 1 diabetes mellitus (T1DM), 
thereby alleviating its depression-like behavior [27].

In this study, the sequencing results generated from human 
blood samples are used as the original data to calculate the 
differentially expressed ferroptosis genes in MDD patients and 
healthy people. Further GO enrichment analysis of differentially 
expressed ferroptosis genes shows that the biological processes 
with relatively high enrichment degree include: intracellular 
receptor signaling pathway, cellular response to chemical stress, 
response to oxidative stress, cellular response to hydrogen 
peroxide, response to hydrogen peroxide, cellular response to 
reactive oxygen species, response to reactive oxygen species, 
monocarboxylic acid biosynthetic process, organic hydroxy 
compound biosynthetic proces. The results confirm that the 
major biological processes involved in the ferroptosis genes 
associated with MDD are all closely relate to the currently 
known ferroptosis mechanisms. Namely, reactive oxygen species 
catalyzed by iron cause phospholipid peroxidation of the plasma 
membrane and inhibit the defense system of peroxidized lipids. 
Lipid peroxide accumulation leads to oxidative stress response 
in cells, which can cause fatal damage to proteins, nucleic acids, 
and eventually lead to cell death [28, 29].

It is known that the main features of ferroptosis include cell 
morphological changes, namely the appearance of dense 
and shrunken mitochondria, manifested as the reduction or 
disappearance of mitochondrial cristogenesis and the rupture of 
the outer membrane. Consistent with the results of this study, 
the highest cell site with the GO enrichment is: mitochondrial 
intermembrane space.

In this study, KEGG enrichment analysis is performed on the 
differentially expressed ferroptosis genes between MDD patients 
and healthy people. The most enriched pathways include: FoxO 
signaling pathway, Fluid shear stress and atherosclerosis, Apelin 
signaling pathway, Alcoholic liver disease, Non-alcoholic fatty 
liver disease, confirm that most of the biological pathways of 
ferroptosis genes associate with MDD are related to oxidative 
stress and abnormal lipid metabolism.

In this study, we further analyzed the differentially expressed 
ferroptosis genes between MDD patients and healthy people, and 
screened 10 important genes. Based on these 10 genes, a MDD 
diagnostic model was established, and its diagnostic accuracy 
reached 0.773. The results show that these 10 differentially 
expressed ferroptosis genes (ALOX15B, MAPK14, PRKAA1, 
PHF21A, MICU1, KLF2, METTL14, TP63, PARK7, and 
PARP4) are closely related to MDD.

In this study, GSEA analysis was performed on 10 differentially 
expressed ferroptosis genes, and the results showed that the most 
frequent pathways were Parkinson's disease, Huntington's disease, 
and oxidative phosphorylation. These results demonstrate that 
ferroptosis gene plays a role in the pathogenesis of depression 
through three pathways: Parkinson's disease, Huntington's 
disease, and oxidative phosphorylation. Studies have found that 
ferroptosis is a key cell death pathway of dopaminergic neurons, 
and ferroptosis inhibitors can reduce nerve cell death in mouse 
models of Parkinson's disease. Even ferroptosis can be used as a 
therapeutic target for Parkinson's disease [30-32]. A number of 
studies have confirmed the pathological process of ferroptosis 
in animal models and human Huntington's disease patients [33-
39]. The brain is more prone to oxidative stress due to its higher 
oxygen demand and energy demand but its weaker antioxidant 
capacity [40]. Oxidative stress can spread, thereby exacerbating 
ROS production, leading to neuronal damage. Based on the 
above research status, it can be speculated that the possible 
mechanisms of ferroptosis genes in depression through the three 
most enriched pathways are: nerve damage, abnormal amino 
acid metabolism, increased ROS, lipid peroxidation, and so on. 
Other pathways enriched in this study can also provide reference 
for follow-up related research.

Recent studies have found that ferroptosis is closely related to 
inflammatory immunity. For example, necrotizing inflammation 
has been observed in the kidneys of mouse models of ferroptosis 
[41]. In ferroptosis tissues, immunofluorescence staining show 
the presence of significantly activated macrophages [42]. There 
are certain inflammatory mediators produced by peroxide 
metabolism and arachidonic acid metabolism in ferroptosis 
tissues [43]. p53 can alter macrophage function by regulating 
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ferroptosis and plays an important role in regulating host immune 
responses to bacterial and malaria infections [44].

In this study, differences in NK cells resting and Macrophages 
M2 between MDD and healthy individuals were calculated 
by immune cell infiltration analysis. Further analysis of the 
relationship between ferroptosis genes and immune cells 
showed that PHF21A was closely related to NK cells resting, and 
METTL14 and MAPK14 were closely related to Macrophages 
M2 in MDD patients. Among them, METTL14 was positively 
correlated with Macrophages M2, and MAPK14 was negatively 
correlated with Macrophages M2. The negative correlation 
between METTL14 and MAPK14 was consistent. 

Epigenetics has become one of the research hotspots in the 
field of psychiatry. Epigenetic mechanisms play an important 
role in the occurrence and development of depression [45-47]. 
Non-coding RNA is an important part of epigenetics. This study 
analyzed the RNA interaction network of ferroptosis genes 
closely related to depression, which provided feasible directions 
for subsequent related research. This study predicts potentially 
effective therapeutic drugs for ferroptosis genes that are closely 
related to MDD patients. This study provides a theoretical basis 
and feasible direction for follow-up related research. Of course, 
the conclusion of this study needs to be confirmed by further 
experimental research. In subsequent studies, the findings of this 
study can be further verified by animal experiments.

Acknowledgement
We acknowledge GEO database for providing their platforms 
and contributors for uploading their meaningful datasets.

Ethical Approval 
GEO belong to public databases. The patients involved in the 
database have obtained ethical approval. Users can download 
relevant data for free for research and publish relevant articles. 
Our study is based on open source data, so there are no ethical 
issues and other conflicts of interest.

Consent for Publication
Not available.

Availability of data and materials
The data that support the findings of this study are openly 
available in Gene Expression Omnibus database：
[GEO: GSE98793] (https://www.ncbi.nlm.nih.gov/geo/query/
acc.cgi?acc=GSE98793). [GEO: GSE52790] (https://www.
ncbi.nlm.nih.gov/geo/query/acc.cgi?acc=GSE52790). [GEO: 
GSE39653](https://www.ncbi.nlm.nih.gov/geo/query/acc.
cgi?acc=GSE39653).

Declaration of Competing Interests 
The authors have stated that they have no conflict of interest. 

Funding
No funding.

Authors' contributions 
Ying Li drafted the manuscript and designed the study. Peidong 
Miao performed the statistical analyses. All authors read and 
approved the final manuscript. All authors discussed the results 
and commented on the manuscript.

Data statement
The data has not been previously presented orally or by poster at 
scientific meetings.

References
1. Stringaris, A. (2017). What is depression?. Journal of Child 

Psychology and Psychiatry, 58(12), 1287-1289.
2. Tang, D., Kang, R., Berghe, T. V., Vandenabeele, P., & 

Kroemer, G. (2019). The molecular machinery of regulated 
cell death. Cell research, 29(5), 347-364.

3. Dixon, S. J., Lemberg, K. M., Lamprecht, M. R., Skouta, R., 
Zaitsev, E. M., Gleason, C. E., ... & Stockwell, B. R. (2012). 
Ferroptosis: an iron-dependent form of nonapoptotic cell 
death. cell, 149(5), 1060-1072.

4. Xiong, X. Y., Wang, J., Qian, Z. M., & Yang, Q. W. (2014). 
Iron and intracerebral hemorrhage: from mechanism to 
translation. Translational stroke research, 5, 429-441.

5. Zille, M., Karuppagounder, S. S., Chen, Y., Gough, P. J., 
Bertin, J., Finger, J., ... & Ratan, R. R. (2017). Neuronal 
death after hemorrhagic stroke in vitro and in vivo shares 
features of ferroptosis and necroptosis. Stroke, 48(4), 1033-
1043.

6. Alim, I., Caulfield, J. T., Chen, Y., Swarup, V., Geschwind, 
D. H., Ivanova, E., ... & Ratan, R. R. (2019). Selenium drives 
a transcriptional adaptive program to block ferroptosis and 
treat stroke. Cell, 177(5), 1262-1279.

7. Karuppagounder, S. S., Alin, L., Chen, Y., Brand, D., 
Bourassa, M. W., Dietrich, K., ... & Ratan, R. R. (2018). 
N‐acetylcysteine targets 5 lipoxygenase‐derived, toxic 
lipids and can synergize with prostaglandin E2 to inhibit 
ferroptosis and improve outcomes following hemorrhagic 
stroke in mice. Annals of neurology, 84(6), 854-872.

8. Ayton, S., Wang, Y., Diouf, I., Schneider, J. A., Brockman, J., 
Morris, M. C., & Bush, A. I. (2020). Brain iron is associated 
with accelerated cognitive decline in people with Alzheimer 
pathology. Molecular psychiatry, 25(11), 2932-2941.

9. Do Van, B., Gouel, F., Jonneaux, A., Timmerman, K., Gelé, 
P., Pétrault, M., ... & Devedjian, J. C. (2016). Ferroptosis, 
a newly characterized form of cell death in Parkinson's 
disease that is regulated by PKC. Neurobiology of disease, 
94, 169-178.

10. Black, C. N., Bot, M., Scheffer, P. G., Cuijpers, P., & 
Penninx, B. W. (2015). Is depression associated with 
increased oxidative stress? A systematic review and meta-
analysis. Psychoneuroendocrinology, 51, 164-175.

11. Bhatt, S., Nagappa, A. N., & Patil, C. R. (2020). Role of 
oxidative stress in depression. Drug discovery today, 25(7), 
1270-1276.

12. Savitz, J., Frank, M. B., Victor, T., Bebak, M., Marino, J. H., 
Bellgowan, P. S., ... & Drevets, W. C. (2013). Inflammation 
and neurological disease-related genes are differentially 
expressed in depressed patients with mood disorders 

https://doi.org/10.1111/jcpp.12844
https://doi.org/10.1111/jcpp.12844
https://doi.org/10.1038/s41422-019-0164-5
https://doi.org/10.1038/s41422-019-0164-5
https://doi.org/10.1038/s41422-019-0164-5
https://doi.org/10.1016/j.cell.2012.03.042
https://doi.org/10.1016/j.cell.2012.03.042
https://doi.org/10.1016/j.cell.2012.03.042
https://doi.org/10.1016/j.cell.2012.03.042
https://doi.org/10.1007/s12975-013-0317-7
https://doi.org/10.1007/s12975-013-0317-7
https://doi.org/10.1007/s12975-013-0317-7
https://doi.org/10.1161/STROKEAHA.116.015609
https://doi.org/10.1161/STROKEAHA.116.015609
https://doi.org/10.1161/STROKEAHA.116.015609
https://doi.org/10.1161/STROKEAHA.116.015609
https://doi.org/10.1161/STROKEAHA.116.015609
https://doi.org/10.1016/j.cell.2019.03.032
https://doi.org/10.1016/j.cell.2019.03.032
https://doi.org/10.1016/j.cell.2019.03.032
https://doi.org/10.1016/j.cell.2019.03.032
https://doi.org/10.1002/ana.25356
https://doi.org/10.1002/ana.25356
https://doi.org/10.1002/ana.25356
https://doi.org/10.1002/ana.25356
https://doi.org/10.1002/ana.25356
https://doi.org/10.1002/ana.25356
https://doi.org/10.1038/s41380-019-0375-7
https://doi.org/10.1038/s41380-019-0375-7
https://doi.org/10.1038/s41380-019-0375-7
https://doi.org/10.1038/s41380-019-0375-7
https://doi.org/10.1016/j.nbd.2016.05.011
https://doi.org/10.1016/j.nbd.2016.05.011
https://doi.org/10.1016/j.nbd.2016.05.011
https://doi.org/10.1016/j.nbd.2016.05.011
https://doi.org/10.1016/j.nbd.2016.05.011
https://doi.org/10.1016/j.psyneuen.2014.09.025
https://doi.org/10.1016/j.psyneuen.2014.09.025
https://doi.org/10.1016/j.psyneuen.2014.09.025
https://doi.org/10.1016/j.psyneuen.2014.09.025
https://doi.org/10.1016/j.drudis.2020.05.001
https://doi.org/10.1016/j.drudis.2020.05.001
https://doi.org/10.1016/j.drudis.2020.05.001
https://doi.org/10.1016/j.bbi.2012.10.007
https://doi.org/10.1016/j.bbi.2012.10.007
https://doi.org/10.1016/j.bbi.2012.10.007
https://doi.org/10.1016/j.bbi.2012.10.007


Volume 4 | Issue 1 | 7Int J Endo Res & Rev, 2024

and correlate with morphometric and functional imaging 
abnormalities. Brain, behavior, and immunity, 31, 161-171.

13. Liu, Z., Li, X., Sun, N., Xu, Y., Meng, Y., Yang, C., ... & 
Zhang, K. (2014). Microarray profiling and co-expression 
network analysis of circulating lncRNAs and mRNAs 
associated with major depressive disorder. PloS one, 9(3), 
e93388.

14. Leday, G. G., Vértes, P. E., Richardson, S., Greene, J. R., 
Regan, T., Khan, S., ... & Bullmore, E. T. (2018). Replicable 
and coupled changes in innate and adaptive immune gene 
expression in two case-control studies of blood microarrays 
in major depressive disorder. Biological psychiatry, 83(1), 
70-80.

15. Leek, J. T., Johnson, W. E., Parker, H. S., Fertig, E. J., Jaffe, 
A. E., Storey, J. D., ... & Torres, L. C. (2014). sva: Surrogate 
Variable Analysis R package version 3.10. 0. DOI10 B, 9.

16. Zhou, N., Yuan, X., Du, Q., Zhang, Z., Shi, X., Bao, J., ... & 
Peng, L. (2023). FerrDb V2: update of the manually curated 
database of ferroptosis regulators and ferroptosis-disease 
associations. Nucleic Acids Research, 51(D1), D571-D582.

17. Bindea, G., Mlecnik, B., Tosolini, M., Kirilovsky, A., 
Waldner, M., Obenauf, A. C., ... & Galon, J. (2013). 
Spatiotemporal dynamics of intratumoral immune cells 
reveal the immune landscape in human cancer. Immunity, 
39(4), 782-795.

18. Shannon, P., Markiel, A., Ozier, O., Baliga, N. S., Wang, 
J. T., Ramage, D., ... & Ideker, T. (2003). Cytoscape: a 
software environment for integrated models of biomolecular 
interaction networks. Genome research, 13(11), 2498-2504.

19. Team, R. D. C. (2010). R: A language and environment for 
statistical computing. (No Title).

20. Diagram, C. H. V. (2018). Generate high-resolution venn 
and euler plots. R package version 1.6. 17. 2016.

21. Hänzelmann, S., Castelo, R., & Guinney, J. (2013). GSVA: 
gene set variation analysis for microarray and RNA-seq 
data. BMC bioinformatics, 14, 1-15.

22. World Health Organization. (2017). Depression and other 
common mental disorders: global health estimates (No. 
WHO/MSD/MER/2017.2). World Health Organization.

23. WHO.World Mental Health Day: The Campaign [EB/OL]. 
World Health Organization,2020.09, https://www.who.hat/
campaigns/world-mental•health-day/world-mental-health-
day•2020/ world-mental-health-day-campaign. 

24. You, J., Li, H., Xie, D., Chen, R., & Chen, M. (2021). 
Acupuncture for chronic pain-related depression: a 
systematic review and meta-analysis. Pain Research and 
Management, 2021.

25. Cao, H., Zuo, C., Huang, Y., Zhu, L., Zhao, J., Yang, Y., ... & 
Wang, F. (2021). Hippocampal proteomic analysis reveals 
activation of necroptosis and ferroptosis in a mouse model 
of chronic unpredictable mild stress-induced depression. 
Behavioural Brain Research, 407, 113261.

26. Jiao, H., Yang, H., Yan, Z., Chen, J., Xu, M., Jiang, Y., ... & 
Chen, J. (2021). Traditional Chinese formula Xiaoyaosan 
alleviates depressive-like behavior in CUMS mice by 
regulating PEBP1-GPX4-mediated ferroptosis in the 
hippocampus. Neuropsychiatric disease and treatment, 
1001-1019.

27. Wang, Y., Wang, S., Xin, Y., Zhang, J., Wang, S., Yang, Z., 
& Liu, C. (2021). Hydrogen sulfide alleviates the anxiety-
like and depressive-like behaviors of type 1 diabetic mice 
via inhibiting inflammation and ferroptosis. Life sciences, 
278, 119551.

28. Dixon, S. J., Lemberg, K. M., Lamprecht, M. R., Skouta, R., 
Zaitsev, E. M., Gleason, C. E., ... & Stockwell, B. R. (2012). 
Ferroptosis: an iron-dependent form of nonapoptotic cell 
death. cell, 149(5), 1060-1072.

29. Mou, Y., Wang, J., Wu, J., He, D., Zhang, C., Duan, 
C., & Li, B. (2019). Ferroptosis, a new form of cell 
death: opportunities and challenges in cancer. Journal of 
hematology & oncology, 12(1), 1-16.

30. Tian, Y., Lu, J., Hao, X., Li, H., Zhang, G., Liu, X., ... 
& Zhu, M. (2020). FTH1 inhibits ferroptosis through 
ferritinophagy in the 6-OHDA model of Parkinson’s disease. 
Neurotherapeutics, 17, 1796-1812.

31. Guiney, S. J., Adlard, P. A., Bush, A. I., Finkelstein, D. I., 
& Ayton, S. (2017). Ferroptosis and cell death mechanisms 
in Parkinson's disease. Neurochemistry international, 104, 
34-48.

32. Weiland, A., Wang, Y., Wu, W., Lan, X., Han, X., Li, Q., 
& Wang, J. (2019). Ferroptosis and its role in diverse brain 
diseases. Molecular neurobiology, 56, 4880-4893.

33. Mi, Y., Gao, X., Xu, H., Cui, Y., Zhang, Y., & Gou, X. 
(2019). The emerging roles of ferroptosis in Huntington’s 
disease. Neuromolecular medicine, 21, 110-119.

34. Zhang, H., Ostrowski, R., Jiang, D., Zhao, Q., Liang, Y., 
Che, X., ... & He, Z. (2021). Hepcidin promoted ferroptosis 
through iron metabolism which is associated with DMT1 
signaling activation in early brain injury following 
subarachnoid hemorrhage. Oxidative medicine and cellular 
longevity, 2021.

35. Qian, Z. M., & Ke, Y. (2020). Hepcidin and its therapeutic 
potential in neurodegenerative disorders. Medicinal 
Research Reviews, 40(2), 633-653.

36. Chen, J., Marks, E., Lai, B., Zhang, Z., Duce, J. A., Lam, L. 
Q., ... & Fox, J. H. (2013). Iron accumulates in Huntington’s 
disease neurons: protection by deferoxamine. PloS one, 
8(10), e77023.

37. Paul, B. D., Sbodio, J. I., Xu, R., Vandiver, M. S., Cha, J. 
Y., Snowman, A. M., & Snyder, S. H. (2014). Cystathionine 
γ-lyase deficiency mediates neurodegeneration in 
Huntington’s disease. Nature, 509(7498), 96-100.

38. Cardoso, B. R., Hare, D. J., Bush, A. I., & Roberts, B. 
R. (2017). Glutathione peroxidase 4: a new player in 
neurodegeneration? Molecular psychiatry, 22(3), 328-335.

39. Skouta, R., Dixon, S. J., Wang, J., Dunn, D. E., Orman, M., 
Shimada, K., ... & Stockwell, B. R. (2014). Ferrostatins 
inhibit oxidative lipid damage and cell death in diverse 
disease models. Journal of the American Chemical Society, 
136(12), 4551-4556.

40. Hulbert, A. J., Pamplona, R., Buffenstein, R., & Buttemer, 
W. A. (2007). Life and death: metabolic rate, membrane 
composition, and life span of animals. Physiological 
reviews, 87(4), 1175-1213.

41. von Mässenhausen, A., Tonnus, W., & Linkermann, A. 
(2018). Cell death pathways drive necroinflammation 

https://doi.org/10.1016/j.bbi.2012.10.007
https://doi.org/10.1016/j.bbi.2012.10.007
https://doi.org/10.1371/journal.pone.0093388
https://doi.org/10.1371/journal.pone.0093388
https://doi.org/10.1371/journal.pone.0093388
https://doi.org/10.1371/journal.pone.0093388
https://doi.org/10.1371/journal.pone.0093388
https://doi.org/10.1016/j.biopsych.2017.01.021
https://doi.org/10.1016/j.biopsych.2017.01.021
https://doi.org/10.1016/j.biopsych.2017.01.021
https://doi.org/10.1016/j.biopsych.2017.01.021
https://doi.org/10.1016/j.biopsych.2017.01.021
https://doi.org/10.1016/j.biopsych.2017.01.021
https://www.proquest.com/openview/e96ad2595466b34d2a96376a846cb80e/1?pq-origsite=gscholar&cbl=18750
https://www.proquest.com/openview/e96ad2595466b34d2a96376a846cb80e/1?pq-origsite=gscholar&cbl=18750
https://www.proquest.com/openview/e96ad2595466b34d2a96376a846cb80e/1?pq-origsite=gscholar&cbl=18750
https://doi.org/10.1093/nar/gkac935
https://doi.org/10.1093/nar/gkac935
https://doi.org/10.1093/nar/gkac935
https://doi.org/10.1093/nar/gkac935
http://dx.doi.org/10.1016/j.immuni.2013.10.003
http://dx.doi.org/10.1016/j.immuni.2013.10.003
http://dx.doi.org/10.1016/j.immuni.2013.10.003
http://dx.doi.org/10.1016/j.immuni.2013.10.003
http://dx.doi.org/10.1016/j.immuni.2013.10.003
https://genome.cshlp.org/content/13/11/2498.short
https://genome.cshlp.org/content/13/11/2498.short
https://genome.cshlp.org/content/13/11/2498.short
https://genome.cshlp.org/content/13/11/2498.short
https://cir.nii.ac.jp/crid/1370294721063650048
https://cir.nii.ac.jp/crid/1370294721063650048
https://doi.org/10.1186/1471-2105-14-7
https://doi.org/10.1186/1471-2105-14-7
https://doi.org/10.1186/1471-2105-14-7
https://iris.who.int/bitstream/handle/10665/254610/W?sequence=1
https://iris.who.int/bitstream/handle/10665/254610/W?sequence=1
https://iris.who.int/bitstream/handle/10665/254610/W?sequence=1
https://www.who.hat/campaigns/world-mental·health-day/world-mental-health-day·2020/
https://www.who.hat/campaigns/world-mental·health-day/world-mental-health-day·2020/
https://www.who.hat/campaigns/world-mental·health-day/world-mental-health-day·2020/
https://www.who.hat/campaigns/world-mental·health-day/world-mental-health-day·2020/
https://doi.org/10.1155/2021/6617075
https://doi.org/10.1155/2021/6617075
https://doi.org/10.1155/2021/6617075
https://doi.org/10.1155/2021/6617075
https://doi.org/10.1016/j.bbr.2021.113261
https://doi.org/10.1016/j.bbr.2021.113261
https://doi.org/10.1016/j.bbr.2021.113261
https://doi.org/10.1016/j.bbr.2021.113261
https://doi.org/10.1016/j.bbr.2021.113261
https://doi.org/10.2147/NDT.S302443
https://doi.org/10.2147/NDT.S302443
https://doi.org/10.2147/NDT.S302443
https://doi.org/10.2147/NDT.S302443
https://doi.org/10.2147/NDT.S302443
https://doi.org/10.2147/NDT.S302443
http://Wang, Y., Wang, S., Xin, Y., Zhang, J., Wang, S., Yang, Z., & Liu, C. (2021). Hydrogen sulfide allev
http://Wang, Y., Wang, S., Xin, Y., Zhang, J., Wang, S., Yang, Z., & Liu, C. (2021). Hydrogen sulfide allev
http://Wang, Y., Wang, S., Xin, Y., Zhang, J., Wang, S., Yang, Z., & Liu, C. (2021). Hydrogen sulfide allev
http://Wang, Y., Wang, S., Xin, Y., Zhang, J., Wang, S., Yang, Z., & Liu, C. (2021). Hydrogen sulfide allev
http://Wang, Y., Wang, S., Xin, Y., Zhang, J., Wang, S., Yang, Z., & Liu, C. (2021). Hydrogen sulfide allev
http://Dixon, S. J., Lemberg, K. M., Lamprecht, M. R., Skouta, R., Zaitsev, E. M., Gleason, C. E., ... & St
http://Dixon, S. J., Lemberg, K. M., Lamprecht, M. R., Skouta, R., Zaitsev, E. M., Gleason, C. E., ... & St
http://Dixon, S. J., Lemberg, K. M., Lamprecht, M. R., Skouta, R., Zaitsev, E. M., Gleason, C. E., ... & St
http://Dixon, S. J., Lemberg, K. M., Lamprecht, M. R., Skouta, R., Zaitsev, E. M., Gleason, C. E., ... & St
https://doi.org/10.1186/s13045-019-0720-y
https://doi.org/10.1186/s13045-019-0720-y
https://doi.org/10.1186/s13045-019-0720-y
https://doi.org/10.1186/s13045-019-0720-y
https://doi.org/10.1007/s13311-020-00929-z
https://doi.org/10.1007/s13311-020-00929-z
https://doi.org/10.1007/s13311-020-00929-z
https://doi.org/10.1007/s13311-020-00929-z
https://doi.org/10.1016/j.neuint.2017.01.004
https://doi.org/10.1016/j.neuint.2017.01.004
https://doi.org/10.1016/j.neuint.2017.01.004
https://doi.org/10.1016/j.neuint.2017.01.004
https://doi.org/10.1007/s12035-018-1403-3
https://doi.org/10.1007/s12035-018-1403-3
https://doi.org/10.1007/s12035-018-1403-3
https://doi.org/10.1007/s12017-018-8518-6
https://doi.org/10.1007/s12017-018-8518-6
https://doi.org/10.1007/s12017-018-8518-6
https://doi.org/10.1155/2021/9800794
https://doi.org/10.1155/2021/9800794
https://doi.org/10.1155/2021/9800794
https://doi.org/10.1155/2021/9800794
https://doi.org/10.1155/2021/9800794
https://doi.org/10.1155/2021/9800794
https://doi.org/10.1002/med.21631
https://doi.org/10.1002/med.21631
https://doi.org/10.1002/med.21631
https://doi.org/10.1371/journal.pone.0077023
https://doi.org/10.1371/journal.pone.0077023
https://doi.org/10.1371/journal.pone.0077023
https://doi.org/10.1371/journal.pone.0077023
https://doi.org/10.1038/nature13136
https://doi.org/10.1038/nature13136
https://doi.org/10.1038/nature13136
https://doi.org/10.1038/nature13136
https://doi.org/10.1038/mp.2016.196
https://doi.org/10.1038/mp.2016.196
https://doi.org/10.1038/mp.2016.196
https://doi.org/10.1021/ja411006a
https://doi.org/10.1021/ja411006a
https://doi.org/10.1021/ja411006a
https://doi.org/10.1021/ja411006a
https://doi.org/10.1021/ja411006a
https://doi.org/10.1152/physrev.00047.2006
https://doi.org/10.1152/physrev.00047.2006
https://doi.org/10.1152/physrev.00047.2006
https://doi.org/10.1152/physrev.00047.2006
https://doi.org/10.1159/000490807
https://doi.org/10.1159/000490807


Volume 4 | Issue 1 | 8Int J Endo Res & Rev, 2024

Copyright: ©2024 Ying Li, et al. This is an open-access article distributed 
under the terms of the Creative Commons Attribution License, which 
permits unrestricted use, distribution, and reproduction in any medium, 
provided the original author and source are credited.

https://opastpublishers.com

during acute kidney injury. Nephron, 140(2), 144-147.
42. Shah, R., Shchepinov, M. S., & Pratt, D. A. (2018). Resolving 

the role of lipoxygenases in the initiation and execution of 
ferroptosis. ACS central science, 4(3), 387-396.

43. Yang, W., Wang, X., Xu, L., Li, H., & Wang, R. (2018). 
LOX inhibitor HOEC interfered arachidonic acid metabolic 
flux in collagen-induced arthritis rats. American journal of 
translational research, 10(8), 2542.

44. Singh, K. S., Leu, J. I. J., Barnoud, T., Vonteddu, P., 
Gnanapradeepan, K., Lin, C., ... & Dotiwala, F. (2020). 
African-centric TP53 variant increases iron accumulation 
and bacterial pathogenesis but improves response to malaria 
toxin. Nature communications, 11(1), 473.

45. Chistiakov, D. A., Bobryshev, Y. V., & Chekhonin, V. 
P. (2017). Epigenetic alterations in DNA and histone 
modifications caused by depression and antidepressant 
drugs: lessons from the rodent models. Current 
Pharmaceutical Design, 23(44), 6828-6840.

46. Klengel, T., Pape, J., Binder, E. B., & Mehta, D. (2014). 
The role of DNA methylation in stress-related psychiatric 
disorders. Neuropharmacology, 80, 115-132.

47. Januar, V., Saffery, R., & Ryan, J. (2015). Epigenetics and 
depressive disorders: a review of current progress and 
future directions. International journal of epidemiology, 
44(4), 1364-1387.

https://doi.org/10.1159/000490807
https://doi.org/10.1021/acscentsci.7b00589
https://doi.org/10.1021/acscentsci.7b00589
https://doi.org/10.1021/acscentsci.7b00589
https://www.ncbi.nlm.nih.gov/pmc/articles/PMC6129533/
https://www.ncbi.nlm.nih.gov/pmc/articles/PMC6129533/
https://www.ncbi.nlm.nih.gov/pmc/articles/PMC6129533/
https://www.ncbi.nlm.nih.gov/pmc/articles/PMC6129533/
https://doi.org/10.1038/s41467-019-14151-9
https://doi.org/10.1038/s41467-019-14151-9
https://doi.org/10.1038/s41467-019-14151-9
https://doi.org/10.1038/s41467-019-14151-9
https://doi.org/10.1038/s41467-019-14151-9
https://doi.org/10.1038/s41467-019-14151-9
https://doi.org/10.1038/s41467-019-14151-9
https://doi.org/10.1038/s41467-019-14151-9
https://doi.org/10.1038/s41467-019-14151-9
https://doi.org/10.1038/s41467-019-14151-9
https://doi.org/10.1016/j.neuropharm.2014.01.013
https://doi.org/10.1016/j.neuropharm.2014.01.013
https://doi.org/10.1016/j.neuropharm.2014.01.013
https://doi.org/10.1093/ije/dyu273
https://doi.org/10.1093/ije/dyu273
https://doi.org/10.1093/ije/dyu273
https://doi.org/10.1093/ije/dyu273

